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. ArlWr* ... Samu<d C l 953 ») 

machine learning: Ef-eP a? 6+u.olg that QjiVes Co m pTdees fe abiLKj 

learn iA/iitCoaf be/ng feEj^ahl^ progmmm&d.. 

/ JiV' b^h 3 *- LV^ pbO\ (P ^ 0 y t/de—sM «=Cob 

Ci.’ Cy L^_ 
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«* \om YAv‘VcV\ | d\ ( Y33& ) 

V\)eH_ poSed \eaYA\a^ PrabVem \ bCompuW program IS Scud "to I earn 
Prom expenence £_ oiftk res pect bo Some -bkskT 
avut Some performance YneaSave Py \*r tVs perform 

an 02 . oaTj oS measured ba . P Improves Wftfc 

exp ev fence E. . 

CXarnple par lom de&YirVfon r^xCheci^erS Qame ^ : 

_ fl. machine has been deVmgeol tb plcuj %\s <^ame *%i's 
> rvb^chfne "brai ruled bo p\ag with i tseir -mang times So Ihere 
IS mu.sb be a lOmner So tie machine learned bio plauj 


t 1 as l< : machine plcujs bkfs 



— ^ E> per fence * machine plaxjs ulflb ibSef? ma vuj ff mei 
— ^», 1 eParmanCe '. .machine coin 
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«. ViVie/\ ci moictne p\a0S iMifK kuvnaA \V 0of i'Vs 0^p^\<2A.Ce ?Com be^ 

j~%e I_decx o? rAaCWme \€ei , mi<'>cj \5 to de&v^n a mactme tmi^i "to 
LsCAYO o A j~t\y\C^ b tj .fselP CSo I A "t\ ' S C^cx tv\£ C CbtlC-ltfS ^ UJS 

\V tools -to pla0 but An "tccAon* ACj .~TP\e_ macbm^ ptcuje_a( u>/H\ 
iVseiP, matVj t~\meS . O^lnoj pU^mcj „ \t Sa^S eWVj 'tfcmg (c^oocA 
OR \ooid) So atpey AlaAtj \t Co»o knat/o bej4 tOoc*j tb 

p(a^ . P/eK£ ^ G*o £>cuj lW~ t\e ertpeJfen.Ce rS " IK* ow.chM 
ptays w'.lk it^ciP as if get ^£s expedience ?r^ ptcw^mcj a>tft 
jfsUP , _tt get expedience to alo alasK cdhfoh is flTedb itfj 

oP t^e. Alo-Ctt^e "to plcuj “ftTfa 0 aw^ • 

Ike peffecmanCe fs tie ab'lfkj qP ffi£ /> mctme to UJiA So rf (P) 

fs ve.nj __tmp 0 7fant to KnooJ tie rn&cJu'ne ePPiCienCy. 6jUi 

Afldfer Example : 

AlaChme leafninoj problem to oMwwme UlhstP) Qjr fte e_- mouL is 
Spam or Adt expending on (usef maKa em«j e-ma.lL lAJiikoat 
Knouun Source iS Spam bR. any nfrier GaSe ) 

'- -// 

flask l OasSv?vng ffe e-mails IS Spam or Aat SpanA. 

Experience'.' blc£ttbincj <jau Labl^ e—mouls <5pam of A eft Spam. 
Pex?cif'rv\aACe *. fbe nambef t- mails i$ O^c/Hjj Classified 
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_ Ocdtjb.t)c3LS-£ f/ViV\tng 

_ AppUodTioAS Cem’V program hand 

_ Se\? - CjasVo«rAv2-i'acj pra<^mrnS . 

_ Urvcta/r S’VarLoiwAjCj Wuvncin \&2tfniV\jg 1 ( biVcun > yeal (\I ") 

Machine learning Algo.r»1ftros ;. 

_ T^upe^N/i'Sed learn t'ncj ■ ( tab^ci deck*) 

_Un5uperv t'sed learning C unlabl-*-^ o/cda) 

_ f<Wn Poroe menir leaY'nfrtg 
_ reGomnaen ole/ 6^5 Wens - 


A_ . Sape»r\/i5eci Vj^rn'm^ 

. LaAoled OdtcA 

. vje. tfta Knackne steps XtepilM and ike. rigl^ ■ Qns<^5. 
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Co^uoas Me. W • - Discrete. Vaked 

Oui-piXt Output 

(o q£ i. ) 



Best 

^W\^€- 65 ^ on SupeWtSecA 
XphtinUOUS Vcilaeof Output 


D € c I * s / o n ^aundQry 

Class i P\ Ccdvo a Super Q ( ecA - 


Ot 5 Crei"e Vaiued Output Co j M 


Exam pl£L 


Mousing price prediction 

• given houses size »n 9 c«t W«A) 
. <giuen houses price <Jight answer”) 
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fyrea&t G^nCer 

K/t' 'c “Tumor Size Cmpat). cj\Jtn 
. ,. jL.t : MaT ignaht 
.O'..: Berngn 
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size 


„jf* we uJc»nt to Know fine price oP 

house ujitt knouin Size / We Can nWiei 
a modl«d to get the best- cu«g to icAo 
Tbis TasK 

a. We use a straight passing mo$f- 
Op points < #»e start of tliis line 
Com Cre/te rncmg lines) 

b. we OJe a Curve passing most 
o? points 

. This models l Straight line ? Curve. ) 
Can be good or bacl ?ar geting Die 
best or the exact price o? the 
house Witt. Knocun S'Z£* 
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_^TTurnor 
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# ln cmbtW examples there is more 
than. S 2 . features - 
. be Can use to Knooj the 

performance Yange oP this mettled 
bg andfter- Meeninaj \? its. pev£ \5 9 oi< 
and toe have a patient we Can use 
fh/s metToct - its answer' Can be 
Correct in 0 O V> 
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dnSupev^fSecl L*2 gayA^cj # 

. UnLabled CKfcbu 
» 7Ke rYiackfne Kcusn’t havAC “Hie h'gkt' anSuoejr. 

* IKe. rnackirte Collect ike Similar Inputs tbgeiteir and 
Create g'raaps.Qj^ cL/V/'c/es inputs /nto groups d^pendincj 
On tSirnplz rnafk ernixtfced e^accten. 

JhiS— fy\a.tkk.ma^i CaJ egtcdltion depends on life. dlSksMCe boJkjOQzrt 

"ike Inputs ..... Cluster/ ncj olo^ofijkm y 

- It kiss 2 groups O? poUfs , if rnaAc a Cbitr po/nt 
and me&Sures ike distance between ike Center point ow..d 

- ul\ ike often poi'iYts and Collect fte near ones bogefKet— 
Ik.rs algor i Ik w\ can be Considered as ike most Pamaiu 
^Ottvoci . 

6X: Genes ( Using Colours) 
f\ ppliCedTo/lS 

- A _ Qcg .artfee Cam pitfiVicj Clusters .. _ J 

J2. - SoCi'al OctiUor /2 analysis . 

3 - MorW<<st S eg iriesrtodri o n . 

t( . fis-fvo nomfCaj/ o(aCfc*. a nalySiS 

Aascuer oP Shole 2 \ 

• Supervised C.CJciss < Pi'Ccdi o n ) 

*> UnSuper VCse.d 

* U n 5 u p er v.i s.ed 

• Supervised CcJassTp r Catron ) 
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